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ABSTRACT

Generative Al (genAl) is increasingly being investigated for health-
care reporting. However, current approaches often focus on au-
tomating clinical tasks like diagnosing and treatment suggestions,
compounding Al inaccuracies and limiting adoption. This study
investigates how automated reporting, guided by dermatologist
interpretation, can integrate into clinical workflows. We developed
a prototype using React.js and OpenAl API to generate structured
dermatology reports, based on a preferred report structure elicited
from prior work with primary care providers (PCPs). Seven der-
matologists from Denmark, Sweden, and the US participated in
iterative design sessions, with additional sessions planned. Pre-
liminary findings show: (1) varied perceptions of dermatologists’
roles, (2) low information density diminishes report usefulness,
(3) splitting diagnostic and reporting tasks and supporting edit-
ing increases acceptance and perceived ownership over generated
medical reports, (4) benefits of automated reporting in reducing
cognitive load, ensuring inclusion of PCP-centred information, and
improving communication tone.
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1 INTRODUCTION

The challenges faced by healthcare systems today are multifaceted,
driven by the ever-growing demand for services and the limited
capacity of medical staff to meet these needs. This imbalance has
led to mounting workloads, heightened stress, and widespread
burnout among healthcare providers [15]. Artificial Intelligence (AI)
advancements sparked a new wave of ideas to address these critical
issues [11, 20]. Recent breakthroughs in generative Al (genAl),
including Large Language Models (LLMs), have further expanded
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the scope of possible support [17]. Notably, the development of
Al tools for generating medical reports (e-consults and consultant
letters), has been broadly investigated. The goals behind automated
reporting span more efficient operations, enhanced communication
between specialists, general practitioners, and patients, ensuring
that patients receive timely and well-coordinated care [6, 14, 17, 22].

However, successful incorporation of Al-generated text into clin-
ical practice poses significant challenges pertaining to the factuality,
accuracy, and reliability of the produced texts. To address those in
radiology, Yu et al. [18] proposed RadGraph F1 as a benchmark to
evaluate Al-generated reports against radiologist-reviewed stan-
dards. Building on these efforts, tools like MAIRA and its successor
MAIRA-2 [1, 14] have focused on automating chest X-ray reporting,
with frameworks such as RadFact introduced to assess report cor-
rectness and completeness [1]. In a qualitative study, Zaretsky et
al. [22] explored the idea of improving clinical communication by
using genAl to write patient-friendly discharge summaries. They
found several safety-critical omissions and inaccuracies. Such fac-
tual inaccuracies, including hallucinations typical of LLMs [10],
highlight the significant challenges confronting designers of genAl
systems intended for safety-critical settings, especially when Al is
responsible for both the diagnostic and reporting work.

In the Human-Computer Interaction (HCI) community, the use of
Al in writing has also been a subject of inquiry. Researchers tackled
the issue of Al-mediated communication [7], explored questions of
creativity [5], and challenged the very definition of authorship [4].
For example, Lehman et al. [9] linked the text’s continuous genera-
tion mode to increased editing and a weaker feeling of ownership
in comparison to prompted generation. Zhou and Sterman [23]
showed how imperfect intermediate Al suggestions encouraged
creative rewriting, which they discussed to support ownership and
creative expression. Other researchers explored more high-level
writing support. For example, Dang et al. [3] developed a system
that offered an external perspective through Al-generated sum-
maries, which helped them refine their texts. Similarly, ABScribe
by Reza et al. [12] supported writers in exploring Al-generated text
variations, reducing workload and simplifying the revision process.

However, incorporating genAl-based writing support can also
lead to negative outcomes. A study by Singh et al. [13] demonstrated
how authors make integrative leaps, meaning they perform extra
editing work to integrate Al-generated content into their writing. A
striking illustration of AT's impact on writers was identified by Bhat
et al. [2]. They found that authors included Al recommendations
in their texts, even when they did not agree with them, resulting in
altered writing strategies and increased distractions. These findings
highlight the complex interplay between incorporating Al into


https://orcid.org/0000-0003-0689-6912
https://orcid.org/0000-0002-8034-6727

CHI 25 Workshop on Envisioning the Future of Interactive Health, April 27th, 2025, Yokohama, Japan

the writing process, emphasising both the potential for enhanced
creativity and efficiency as well as the challenges of ownership,
cognitive effort, and unintended influence on ideas development.

In this study, we set out to address both aspects of using Al in clin-
ical text generation: healthcare-focused factuality and appropriate-
ness and HCI-focused interaction space to support ownership and
reduce cognitive effort and unintended consequences, which was
captured by our research question: What are the requirements for
the effective integration of automated reporting into dermatologists’
clinical work to enhance communication with general practitioners
and support professional practice?

To answer it, we developed a prototype of a teledermatology sys-
tem that uses zero-shot and few-shot prompting with GPT40-mini
and GPT4o to generate dermatology reports. This work directly
follows a co-design study with primary care providers (PCPs) aimed
at understanding their informational needs and the deficiencies in
the dermatology reports they currently receive [21]. Findings from
that study allowed us to create a report template used by GPTs to
generate the reports and address the information gaps discovered.
Importantly, rather than automating the entire diagnostic process,
our approach preserves the dermatologist’s interpretative expertise
while generating reports based on their input and embedding them
with visual links to source information. Within the same proto-
type, we implemented several interaction techniques using LLMs
for amending the reports: simplifying, itemising, and rewriting to
include. Altogether, we aimed to examine the qualities necessary to
achieve clinical usefulness through assessing perceived effort, edit-
ing affordances, dealing with inaccuracies, and the overall accept-
ability of automated report generation as part of teledermatology
practice.

We conducted an iterative design process across eight design
sessions with seven radiologists from Denmark, Sweden, and the
US, during December 2024 and January 2025 to create a stable
version of the prototype. Preliminary findings from the sessions
include:

o Contrasting perspectives on the role of dermatologists, in-
fluencing expectations for report content and format;

e Low information density, not format, was the main issue
with the generated text, leading to low use of text-editing
tools;

e None of the participants considered their ownership over
the report diminish through the use of AJ;

o Potential time and perceived effort savings compared to typ-
ing were noted, though the comparison to dictation requires
further investigation.

Our findings highlight unique usability challenges in automated
clinical writing, distinguishing it from more conventional text edit-
ing. We see the potential for Al to support tasks requiring little to
no medical expertise. Much like transcription software has done
for medical reporting before, generative Al may help streamline
reporting workflows. However, more investigation is needed to
understand the challenges faced in practice. By participating in the
Envisioning the Future of Interactive Health workshop, we hope to
exchange insights and design approaches with other researchers
working on genAl-based interactive healthcare systems and receive
guidance on our ongoing study with dermatologists.
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2 METHOD

In this study, we committed to quick development iterations inter-
twined with design sessions with healthcare providers, inspired
by our previous work on incorporating Al support across various
clinical contexts in radiology [19]. Thus, after a short development
period (one month), we started conducting sessions with derma-
tologists (two weekly). HDZ conducted the sessions online, with
participation from the prototype developer and TOA (three sessions
each). Every week, we updated the prototype to address issues men-
tioned by the participants and include new functionalities.

The sessions started with participants filling in a questionnaire
about their work and Al experience, and signing an informed con-
sent (see Table 1). Next, we moved to work with the prototype,
where we simulated a teledermatology workflow (see Figure 1). We
started with a quick overview of the prototype, the task, and the
currently available interaction techniques to edit the Al-generated
reports. Our participants were asked to simulate reporting six tele-
dermatology cases. For each case, the participants examined the
available images and clinical history and were asked to assess the
diagnostic form pre-filled by the second author - a medical doctor.
However, participants were required to review all the information,
ensure its accuracy, and make any necessary updates. After the
diagnostic form had been approved, it was used to generate a der-
matology report according to the PCP-derived template. Finally,
dermatologists were asked to make any necessary changes to fi-
nalise the report and, hypothetically, approve it for submission to
the referring PCP. During the whole session, we asked questions
related to the actions taken and our observation guide that covered
the following topics: current teledermatology practice, perceived
effort, psychological ownership, report structure, experiences with
Al, feedback on interaction techniques, and challenges and oppor-
tunities with automated reporting. The sessions took place over
Zoom, were recorded, and automatically transcribed.

We are following abductive thematic analysis [16], as our previ-
ous engagements with primary care providers on eliciting preferred
dermatology report structure and experiences with designing in-
teractive Al-based systems cannot be reasonably decoupled from
the analysis. Based on those experiences, after transcription and
familiarisation, we created the initial codebook consisting of the fol-
lowing concepts: perceived usefulness, workflow (with and without
Al), challenges and barriers, ownership and responsibility, opportu-
nities, and other (to include any other relevant excerpts).

3 FINDINGS

While our work is still ongoing, in this section, we will explore the
preliminary themes conceptualised during the analysis.

Contrasting perspectives on the role of dermatologists, influencing
expectations for report content and format. We observed two general
approaches to reporting: one emphasising the referring PCP’s ac-
cess to domain expertise and the other highlighting dermatologists’
active participation in the diagnostic process. This contrast was
well captured by P4, who stated, The expertise of the dermatologist is
in the diagnosis and the [recommended] action. How that is presented
to the GP doesn’t change the [dermatologist’s] expertise. In contrast,
P3 framed reporting as a more collaborative effort, saying, I want
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1. Inspecting the case

Medical record
62 Male

Skin type
1

Family history with melanoma
No

Previous malignant melanoma or skin cancer
No
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Adjusting the report

2. Approving the diagnosis 3.
Evaluation overview
Visualfeatures
Sharp border, no pigment network, milia-like cysts, fat fingers (6 o'clock)
Diagnosis. A1 A A2
)

Treatment plan
Notreatment Our prototype

_ online
Atternative plan

% Dictate
Assessment

al features of the lesion, including a shar
f a pigment network, presence of milia-like cysts,
rs at the 6 o'clock position, are indicative of
sebor atosis. These dermoscapic findings are
consistent with the diagnosis provided in the referral

Primary Plan SRty  Comertiolist  Rowrte tonclude

There is no need for further treatment; the patient can be
terminated without further follow-up.

=

Report template

Approve diagnosis

OpenAl generating

“real” report content

Figure 1: Design session steps with screenshots from case 1.

@ <------- !

#  Practice experience Completed consults Place of practice Al at work Al attitude Country
P1 20y 1k University hospital NA/NT 4 Sweden
P2 15y 5k University hospital NA/T 5 Sweden
P3 16y 5k University hospital A/SU 5 USA
P4 16y 1k University hospital A/SU 5 Denmark
P5 30y 1k University hospital NA/NT 4 Denmark
P6 23y 5k Private practice & University hospital A/SU 4 Denmark
P7 20y 5k Private practice NA/T 3 Denmark

Table 1: Overview of participants, their years of experience as dermatologists, approximate number of written dermatology
consults, place of practice, Al availability at the workplace: [NA — not available | A - available]/[NT - not tested any | T - tested
some systems | SU — sporadic use], expectation of Al support at work [0 — not at all, 5 — transformative effect], and the country

of practice.

it to sound very collaborative. I don’t want to sound like I'm a spe-
cialist telling primary care doctors what to do. I want this to be like
a learning loop, a team. These perspectives illustrate the potential
challenges when introducing a PCP-centric reporting structure and
the opportunity for automated reporting to increase the usefulness
of medical reports for the end recipients.

Low information density, not format, was the main issue with the
generated text, leading to low use of text-editing tools. The most
common complaint about the generated reports was their exces-
sive length. We identified two key reasons for this issue. First, P6
highlighted the relationship between the information entered in
the diagnostic form and the length of the generated report, I think
the report was a little too long, compared to the information I gave.
We observed that the report paragraphs often remained consistent
in length regardless of the amount of input provided, sometimes re-
sulting in unnecessary filler text. The second reason stemmed from
the model’s extreme caution, which frequently led to additional
suggested checks and follow-ups. These recommendations were
often unnecessary, as noted by P2, It’s too long. I can appreciate
that you need to put some of these, like regular skin checks, but...
[a] 6-month follow-up? I wouldn’t recommend here. These findings
suggest that the precautionary and stylistic measures embedded

in generative Al, may be limiting their applicability when used by
domain experts.

None of the participants considered their ownership over the report
diminished through the use of AL. Dermatologists considered au-
tomated reporting using genAl just another tool, as P1 explained,
It’s a system that puts nice text for me. This could have been linked
to the fact that Al was not responsible for diagnosing the patient,
instead, the expertise remained with the specialist. Moreover, our
participants always had the ability to manually compose the reports
to their liking, as per P2, I feel like I'm the owner, as I [entered] the
keywords, and especially [because] I removed all the yapping. These
inputs suggest that separating the diagnostic and reporting aspects
of clinical practice may ease the acceptance of automated medical
text generation.

Potential time and perceived effort savings compared to typing were
noted, though the comparison to dictation requires further investiga-
tion. The workflows of teledermatologists varied, and so did their
experiences with automated reporting. On the one hand, genAl
can expedite report writing while at the same time maintaining
content relevancy for the end recipients. This was noted by P6, It
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would take me maybe five minutes to write that [nowadays, with-
out the system,] and this report to the general practitioner is much
more useful actually, generated based on the keywords. On the other
hand, when dermatologists used other supporting technologies,
like speech-to-text dictation software, the immediate benefits on
the author’s side were not so apparent. I would be afraid that ... it
would be too time-consuming if I had to read it through several times
and edit it. I think the difficult thing is that we usually have such short
reports to the GP, and it doesn’t take long in the first place [using
speech to text], as recalled by P7. This indicates that automated
reporting solely to increase dermatologists’ efficiency may not al-
ways bring the desired value. Instead, HCI and health researchers
should explore additional benefits, such as enhancing communica-
tion, reducing cognitive load, and improving report usefulness for
specialists, PCPs, and patients.

4 DISCUSSION AND FUTURE WORK

The preliminary findings of this study offer insights into the intri-
cate dynamics of integrating Al-based automated reporting into
dermatologists’ clinical practices that affect not only the direct
users of the system but also the report recipients and the patients
[21]. The reported issue of low information density in Al-generated
reports resonates with the concerns raised by Zaretsky et al. [22] re-
garding the potential for safety-critical omissions and inaccuracies
in Al-generated summaries. This convergence underscores a crucial
challenge in the application of Al for medical reporting: ensuring
the generated content is not only accurate but also sufficiently
detailed and relevant for clinical decision-making.

Moreover, the study’s observations on dermatologists’ percep-
tions of ownership and control in Al-assisted reporting expands
the broader HCI research on the impact of Al on writing processes.
Specifically, the finding that dermatologists did not report a di-
minished sense of ownership when using Al to generate reports
echoes the insights of Lehman et al. [8]. This suggests that when
Al is implemented as a supportive tool that augments rather than
replaces professional input, it can be integrated into clinical work-
flows without compromising the clinician’s sense of agency and
responsibility. Retention of the expertise work, in our case, diag-
nosing and recommending treatment, appears to be a critical factor
in fostering a sense of ownership and enabling clinicians to incor-
porate Al assistance in a way that aligns with their professional
judgment and expertise.

This manuscript explored preliminary findings from our ongoing
work on automated reporting in teledermatology. In the next step,
we plan to investigate dermatologists’ perceived efficiency and
ownership when using automated reporting, as well as barriers and
opportunities ahead. By presenting our work at the Envisioning
the Future of Interactive Health workshop at CHI, we hope to
engage with researchers developing Al-based healthcare systems,
gain insights into best practices for designing Al-mediated clinical
documentation, and inform the next steps of our study based on the
feedback. We hope for those discussions to shape the next phase
of our research and ensure that our findings contribute to the HCI
and Health community.

Zajac et al.
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